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Figure 1: Predicted Probability Distributions
for Best Activist Model (No Complement+No

Sampling+XGBoost)
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Figure 2: Predicted Probability Distributions for Best PE
Fund Model (KNN+SMOTE+XGBoost)
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Figure 3: Relationship between Features and SHAP
Values on Activist Best Model (Top 5)
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Figure 4: Relationship between Features and SHAP
Values on PE Fund Best Model (Top 5)
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Figure 5: Number of Companies Predicted by Industry
based on Activist Best Model (Top 5)
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Figure 6: Number of Companies Predicted by Industry
based on PE Fund Best Model (Top 5)
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